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1. Multimodal Semi-Supervised Learning for Text Recognition (2022) (paper, code)

Table 2: Scene text SOTA comparison. Scene text recognition accuracies
(%) over common and non-common public benchmarks. We show the number
of words in each dataset below its title and present weighted (by size) average
results on each set of datasets. The best performing result at each column is
marked in bold. “*” refers to reproduced results and ““*” to GitHub model

Common Benchmarks

Non-Common Benchmarks

Method Labeled Unlabeled IIIT SVT IC13 IC15 SVTP CUTE Avg. COCO RCTW Uber ArT LSVT MLT19 ReCTS Avg.
Data Data 3,000 647 1,015 2,077 645 288 7,672 | 9,835 1,050 80,826 35,284 4,257 5,693 2,592 139,537

PlugNet [27] Synth X 94.4 923 950 822 84.3 85.0 89.8 - - - - - - - -
RobustScanner 1] Synth X 95.3 881 948 771 795 90.3 | 88.2 - - - - - - - -
SCATTER [27] Synth X 93.7 927 939 822 86.9 87.5 89.7 - - - N - N B -
Plugnet [] Synth X 94.4 923 950 822 84.3 85.0 89.8 - - - - - N B -
SRN [57] Synth X 94.8 915 955 827 86.1 87.8 90.3 - - - - - - - -
VisionLAN [7] Synth X 95.8 9L.7 957 83.7 86.0 88.5 91.1 = - - - - - - -
TRBA [1] Synth X 92.1 889 931 747 79.5 78.2 85.7 50.2 59.1 36.7 57.6 58.0 80.3 80.6 46.3
TRBA [7] Real-L X 93.5 87.5 926 76.0 78.7 86.1 86.6 62.7 67.7 52.7 63.2 68.7 85.8 83.4 58.6
TRBAPc [] Real-L Real-U 94.8 9L3 940 80.6 82.7 88.1 89.3 66.9 715 54.2 66.7 73.5 87.8 85.6 60.9
TRBAPpL [7] Real-L,Synth Real-U 95.2  92.0 947 812 84.6 88.7 90.0 - - - - - - - -
TRBAp,, [7] Real-L,Synth Real-U 95.2  92.0 947 812 84.6 88.7 90.0 - - - - - - -
ABINet®* [17] Synth X 96.4 932 951 821 89.0 89.2 91.2 63.1 59.7 39.6 68.3 59.5 85.0 86.7 52.0
ABINet* [17] Real-L X 95.5 934 944 83.0 87.1 89.6 90.8 69.2 716 55.7 67.7 73.7 88.2 90.6 62.4
ABINetpr™ [17,7] Real-L Real-U 96.4 941 950 83.7 88.8 93.1 91.8 712 4.2 56.8 70.5 75.0 89.1 90.9 63.9
ABINet . * [17] Real-L Real-U 96.5 96.3 957 83.7 89.1 92.0 92.1 TLT 73.8 56.8 70.1 75.7 89.3 91.6 63.9
SemiMTR-V Real-L Real-U 95.6 93.5 952 825 88.1 90.6 91.0 70.5 75.1 57.7 69.5 75.2 89.6 92.3 64.2
SemiMTR-F Real-L Real-U 96.5 954 965 842 89.6 90.6 92.3 70.9 4.9 57.7 70.3 75.5 89.3 91.5 64.4
SemiMTR, Real-L Real-U 96.7 955 96.6 83.8 90.5 93.8 92.4 72.0 75.8 58.5 70.8 77.1 90.3 92.5 65.2
SemiMTR =~~~ ] Real'L,Synth ~ "Real'U" [ 97.37 06.6 97.0 84.7 93.0 ~93.8 | 93.3 [ 727 ~ 763 ~ 584 ~72.3 771 902 ~ 93.2 | 65.6



https://arxiv.org/pdf/2205.03873.pdf
https://github.com/amazon-science/semimtr-text-recognition

2. Multi-modal Text Recognition Networks: Interactive Enhancements between Visual
and Semantic Features (2022) (paper, code)

Table 1. Recognition accuracies (%) on eight benchmark datasets, including the vari-
ant versions. The underlined values represent the best performances among the previous
STR methods and the bold values indicate the best performances among all models
including ours. For our implementation, we conduct repeated experiments with three
different random seeds and report the averaged accuracy with standard deviation.

Regular test dataset Irregular test dataset
Model Year | IIIT SVT IC13s IC13p |IC15s IC15, SVTP CUTE
CombBest [2] 2019 | 879 875 936 923 | 776 718 792 740
ESIR [35] 2019 |93.3 90.2 - 91.3 - 769 796 833
SE-ASTER |[23| 2020 | 93.8 89.6 - 92.8 | 80.0 814 83.6
DAN |29] 2020 |94.3 89.2 - 93.9 - 745 80.0 844
RobustScanner [34] 2020 | 95.3 88.1 - 94.8 - 771 795 90.3
AutoSTR [37] 2020 |94.7 90.9 - 94.2 | 81.8 - 81.7 -
Yang et al. [32] 2020 |94.7 88.9 - 932 | 795 771 809 854
SATRN [16] 2020 | 92.8 91.3 - 94.1 - 79.0 86.5 87.8
SRN [33] 2020 |94.8 91.5 955 - 82.7 - 85.1 87.8
GA-SPIN |[36] 2021 |95.2 90.9 - 94.8 | 82.8 T79.5 832 875
PREN2D |31] 2021 | 95.6 94.0 96.4 - 83.0 - 87.6 91.7
JVSR 3] 2021 |95.2 92.2 - 95.5 - 84.0 85.7 89.7
VisionLAN [30] 2021 | 95.8 91.7 95.7 - 83.7 - 86.0 88.5
ABINet [7] 2021 |96.2 93.5 974 - 86.0 - 89.3 89.2
ABINet (reproduced) 96.2 93.7 97.2 954 | 8.9 821 89.3 89.0

+0.2 +04 £0.2 +0.2 +0.2 +0.1 +0.4 +0.3
MATRN (ours) 96.6 95.0 97.9 95.8 | 86.6 82.8 90.6 93.5

+0.1 +0.2 £0.1 +0.1 +0.1 +0.0 +0.2 +0.6

3. Read Like Humans: Autonomous, Bidirectional and Iterative Language Modeling for
Scene Text Recognition (2021) (paper, code, demo)



https://arxiv.org/pdf/2111.15263.pdf
https://github.com/byeonghu-na/MATRN
https://arxiv.org/pdf/2103.06495.pdf
https://github.com/FangShancheng/ABINet
https://huggingface.co/spaces/tomofi/ABINet-OCR

Arbitrarily Oriented Text Recognition

w

SwinTextSpotter: Scene Text Spotting via Better Synergy between Text Detection and
Text Recognition (2022) (paper, code)
Visual Semantics Allow for Textual Reasoning Better in Scene Text Recognition
(2022) (paper, code)

.. Regular Irregular Params | Time
Methods Training Datd |~y =0y T 1113 [ SVIP [ ICIS | CUTE | (x10%) | (ms)
CRNN (Shi, Bai, and Yao 2016) ST+MJ 782 | 809 | 86.7 - - - 83 6.8
ASTER (Shi et al. 2018) ST +MJ 934 | 89.5 | 91.8 | 785 | 76.1 | 795 22 73.1
TRBA (Baek et al. 2019) ST +MJ 879 | 875 | 923 | 792 | 77.6 | 740 496 | 276
Textscanner* (Wan et al. 2020a) ST + MJ 93.9 90.1 | 929 84.3 79.4 83.3 57 56.8
GTC (Hu et al. 2020) ST +MJ 955 | 929 | 943 | 862 | 825 | 923 - -
SCATTER (Litman et al. 2020) ST +MJ 937 | 927 | 939 | 869 | 822 | 875 - -
SEED (Qiao et al. 2020) ST +MJ 938 | 89.6 | 92.8 | 81.4 | 80.0 | 83.6 - -
SRN (Yu et al. 2020) ST +MJ 948 | 915 | 955 | 851 | 827 | 87.8 493 | 269
RobustScanner (Yue et al. 2020) ST + MJ 95.3 88.1 | 94.8 79.5 77.1 90.3 - -
Base2D (Yan et al. 2021) ST +MJ 954 | 934 | 959 | 86.0 | 81.9 | 89.9 59.0 | 61.6
PREN2D (Yan et al. 2021) ST +MJ 956 | 940 | 964 | 87.6 | 83.0 | 91.7 - 67.4
ABINet-LV' (Fang et al. 2021) ST +MJ 963 | 930 | 97.0 | 88.5 | 85.0 | 89.2 367 | 220
Seg-Baseline ST+MJ 942 | 90.8 | 93.6 | 843 | 820 | 876 34.0 14.0
S-GTR ST +MJ 958 | 941 | 968 | 87.9 | 84.6 | 923 42.1 18.8
GTR + CRNNI(CTC] ST +MJ 876 | 821 | 90.1 | 68.1 | 68.2 | 78.1 15.2 12.8
GTR + TRBA['PATT] ST + MJ 932 | 90.1 | 940 | 80.7 | 76.0 | 82.1 542 329
GTR + SRN!Transformer] ST +MJ 960 | 93.1 | 96.1 | 879 | 839 | 907 543 | 31.6
GTR + Base2D?PATT] ST +MJ 96.1 | 94.1 | 966 | 88.0 | 853 | 926 64.1 65.7
GTR + ABINet-Ly f[Transformer] ST +MJ 968 | 948 | 97.7 | 89.6 | 869 | 93.1 416 | 309
SAR(Li et al. 2019) ST+MJI+R | 950 | 912 | 940 | 864 | 780 | 89.6 - -
Textscanner* (Wan et al. 2020a) | ST + MJ +R 95.7 92.7 | 949 84.8 83.5 91.6 57 56.8
RobustScanner (Yue etal. 2020) | ST+MJ+R | 954 | 893 | 941 | 829 | 792 | 924 - -
ABINet (Fang et al. 2021) ST+MJI+R | 972 | 955 | 977 | 90.1 | 869 | 94.1 - -
S-GTR ST+MJ+R | 975 | 958 | 97.8 | 90.6 | 87.3 | 94.7 42.1 18.8

Table 1: Results of our S-GTR, SOTA methods and their variants with our GTR on six regular and irregular STR datasets. “R”
denotes the real datasets. “*” means using character-level annotations during training. “”” means the batch size is set to 384 for
a fair comparison. The superscripts in the second group of rows denote the type of different methods, :.e., “CTC”: CTC-based
method, “1DATT”: 1D attention-based method, “2DATT”: 2D attention-based method, and “Transformer”: Transformer-based

method. Details can be found in Section .

Text Spotting Transformers (2022) (paper, code)

A Bilingual, Open World Video Text Dataset and End-to-end Video Text Spotter with

Transformer (2021) (paper, code)
Language Matters: A Weakly Supervised Vision-Language Pre-training Approach for
Scene Text Detection and Spotting (2022) (paper, code)
Text Perceptron: Towards End-to-End Arbitrary-Shaped Text Spotting (2020) (paper,

code)

TextAdalN: Paying Attention to Shortcut Learning in Text Recognizers (2022) (paper,

code)

TrOCR: Transformer-based Optical Character Recognition with Pre-trained Models

(2023) (paper, code)


https://openaccess.thecvf.com/content/CVPR2022/papers/Huang_SwinTextSpotter_Scene_Text_Spotting_via_Better_Synergy_Between_Text_Detection_CVPR_2022_paper.pdf
https://github.com/mxin262/SwinTextSpotter
https://ojs.aaai.org/index.php/AAAI/article/view/19971
https://github.com/adeline-cs/GTR
https://openaccess.thecvf.com/content/CVPR2022/papers/Zhang_Text_Spotting_Transformers_CVPR_2022_paper.pdf
https://github.com/mlpc-ucsd/TESTR
https://openreview.net/pdf?id=vzb0f0TIVlI
https://github.com/weijiawu/TransVTSpotter
https://ora.ox.ac.uk/objects/uuid:e59da773-2019-4fc2-9877-45717d0ae984/download_file?file_format=application%2Fpdf&safe_filename=Xue_et_al_2022_Language_matters_a.pdf&type_of_work=Conference+item
https://github.com/bytedance/oclip
https://arxiv.org/pdf/2002.06820.pdf
https://github.com/hikopensource/DAVAR-Lab-OCR/tree/main/demo/text_detection/text_perceptron_det
https://arxiv.org/pdf/2105.03906.pdf
https://github.com/amazon-science/textadain-robust-recognition
https://arxiv.org/pdf/2109.10282.pdf
https://github.com/microsoft/unilm/tree/master/trocr

